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From the results in Table 3 to Table 7, we found that the 

average learning accuracy by ELM neural network of all 

discrete wavelet functions on the baby language are over 80%. 

 

 

5. CONCLUSIONS 

 

The learning system of infant cry is presented. This system 

consists of Discrete Wavelet Transform and Single Layer 

Neural Feed Forward as an Extreme Learning Machine. This 

learning system is applied to “Dunstan Baby Language (DBL)” 

which is the special sound database. The average accuracy of 

all discrete wavelet functions on baby language are over 80%. 

The average performance of Sym2 is suitable for all baby 

language groups. Moreover average number of epochs of 

Bior3.1 is suitable for all baby language groups. The learning 

system of infant cry using learning machine can be a guideline 

for further research on determination of optimal baby cry 

identification with high precision. Also, the results can provide 

profound insight regarding characterization of baby behaviors 

through their cry, which will be beneficial to hospitals and 

nurseries. 
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NOMENCLATURE 
 

Greek symbols 

 
  Weight value 


  Denotes the minimum norm 

 The relationship of scaling functions in any Vector space 

 Convolution between mother wavelet 

 Considering the relationship 

 Vector space 
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