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NOMENCLATURE 

ANN artificial neural network 

NO3 nitrate 

WQP water quality parameter 

NH3 ammonium 

NO2 nitrogen dioxide 

DO dissolved oxygen 

PO4 phosphate 

R correlation coefficient 

COD chemical oxygen demand 

BOD biological oxygen demand 

SS suspended solids 

NO3-N nitrate-nitrogen 

TS total solids 

K+ potassium 

Cl- chloride 

Na+ sodium 

GA genetic algorithm 

ACOR ant colony optimization for continuous 

domains 

DE differential evolution 

ANFIS adaptive neuro-fuzzy inference system 

EC electrical conductivity 

SAR sodium absorption ratio 

TH total hardness 

RMSE root mean square error 

MAPE mean absolute percentage error 

MLR multiple linear regression 

HANN hybrid artificial neural network 

DWTPs drinking water treatment plant 

GIS geographic information system 
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