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Gig economy - a modern employment model, connecting labor supply and demand through 

digital platforms with the form of payment by task or short-term time, without formal contracts 

or employment benefits, is a labor’s trend in the world. The research sample includes 400 

responses from participants aged 18-60, collected through an online survey of people who have 

participated in the gig economy in Vietnam. The research illustrates that gig job attitude, gig 

self-efficacy and gig social norm (GSN) impact the intention to participate in gig economy of 

labor; in which there are 5 factors affecting gig job attitude including need for achievement, 

locus of control, risk taking, proactiveness and distress tolerance. Remarkably, involvement 

was found to significantly increase the direct and indirect relationships between proactiveness, 

gig attitudes, and gig job intention. Based on the findings of this research, some practical 

implications are provided. This study offers a novel perspective by extending and integrating 

the Theory of Planned Behaviour and Self-Determination Theory (SDT) to provide empirical 

evidence on the moderated mediation effects of involvement and three Theory of Planned 

Behavior (TPB) dimensions on the relationship between five personal traits and gig job 

intention, contributing to the academic understanding of the gig economy. 
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1. INTRODUCTION

Employers tend to adopt lay-off policy more because of 

advanced artificial intelligence (AI) [1]. Companies across 

industries, from media to consulting, are following cutting-

jobs strategy to minimize cost and improve work efficiency [2]. 

In this situation, gig platform-an on-demand, online platform 

economy [3], is a new labour market for this unemployment 

[4]. In the context of digital transformation and globalization, 

the gig economy is emerging as an indispensable component 

of the modern labor market structure [5]. In the academic 

context, definitions of gig economy have become diversified 

[6]. According to the UK government, the gig economy is a 

place where workers can earn money through digital platforms 

on a short-term and payment-by-task basis [7]. The gig 

economy is also understood as an on-demand, digital, crowd 

or online platform economy [3] with a variety of occupations 

and digital, remote working opportunities in many different 

fields [5]. Concluding for the gig economy’s definition used in 

this research is an employment model that quickly matches 

labor supply and demand through a digital market supported 

by on-demand commerce [8, 9] with task-based compensation 

or short-term time-based, but without formal labour contracts 

or employment benefits [6]. However, gig work also exposes 

Generation Z (Gen Z) to insecure and precarious conditions, 

characterized by a lack of social security, algorithmic control, 

limited bargaining power, stifled career advancement 

opportunities, and intense competition that can reduce wages 

and decent work standards. Gig economy, therefore, has dual 

and contradictory impacts on sustainable labor practices, 

promoting flexibility and inclusion while also raising concerns 

about precarity and worker protection [10]. 

From the perspective of today's Millennials and Gen Z 

workers - the generation that tends to emphasize creativity, 

freedom, independence, non-linearity in career choices and the 

ability to control personal income, the gig economy helps them 

escape the constraints of traditional jobs, while helping them 

make good use of technology platforms to find and do work 

anytime, anywhere [11]. According to a survey by Deloitte 

[12], with the desire to prioritize flexibility, work-life balance, 

autonomy in time and workspace, more than 40% of Gen Z 

and 33% of Millennials participate in the gig economy as part 

of a long-term career strategy, instead of sticking to a fixed 

full-time job. At the same time, the strong development of 

global digital platforms such as Upwork, Fiverr or Uber has 

broken down spatial barriers and allowed workers to pursue 

the trend of human resource globalization, freely connecting 

directly with customers around the world [13]. From the 

perspective of organizations, the gig economy provides an 

optimal solution for the need for temporary labor and short-

term expertise [14]. With its flexible characteristics, the gig 

economy allows businesses to easily access a workforce with 

the right skills in a short time, thereby saving fixed costs and 

increasing mobility in project implementation [15]. This 
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model is especially effective in the context of a constantly 

fluctuating market, when businesses need to adjust their staff 

size according to peak-off-peak cycles [16]. At the same time, 

the gig economy also opens up opportunities for hiring highly 

skilled experts for specialized tasks, without having to recruit 

full-time [3]. In fact, businesses are shifting to using gig 

workers to increase flexibility, save costs and respond quickly 

to fluctuations, instead of hiring full-time [17]. During and 

after the COVID-19 pandemic, which disrupted labor markets 

and reduced workers’ income [18], the gig economy has 

become popular as a “flexible safety net”, helping many 

people maintain basic income during the crisis [19]. Not only 

that, this model also helps workers easily access jobs without 

requiring degrees or complicated administrative procedures, 

thereby reducing the burden on the social welfare system [20]. 

In the long term, gig work also promotes workers' resilience, 

through diversifying income sources and accessing 

globalization opportunities [21]. For individuals who value 

independence and flexibility, these conditions can strengthen 

their internal motivation, as gig work is more likely to align 

with their personal preferences [22]. The gig economy is not 

only a short-term response but also has a structural role in 

reshaping the world's post-pandemic labor market, a global 

career trend. Therefore, businesses need to grasp and 

understand the factors that influence workers' intention to 

participate in the gig economy to build effective human 

resource strategies [20].  

In recent years, along with the rapid development of the 

global gig economy, the number of studies aimed at 

understanding the factors affecting the intention to participate 

in this model has increased significantly. However, the studies 

are still scattered in terms of approach, underlying theory and 

research context, especially in the context of each country and 

each specific industry [23]. Most of the works focus on 

qualitative research, describing the phenomenon and 

characteristics of gig workers, while quantitative studies with 

a clear behavioral theoretical framework to explain the 

intention to participate are still relatively limited, especially in 

developing countries [24]. Moreover, the shift from traditional 

employment to gig work is influenced by intricate 

psychological and social factors that have not been thoroughly 

examined [25]. Previous studies focusing on conventional 

employment may not be directly applicable to gig work due to 

its unique nature [23]. Gig workers often lack legal protection, 

financial benefits, and career advancement opportunities 

compared to conventional employees [26]. In addition, several 

studies have applied measurement scales and hypotheses 

developed initially in the context of entrepreneurial intentions 

to examine gig intentions [27, 28], as several characteristics of 

gig work closely resemble entrepreneurial activities [29, 30], 

such as autonomy, financial instability, and limited access to 

social safety nets [31-34]. Self‑Determination Theory posits 

that human motivation is driven not only by external 

contingencies but also by the satisfaction of three basic 

psychological needs: autonomy, competence, and relatedness. 

When these needs are fulfilled, individuals are more likely to 

internalize external regulations and act with a greater sense of 

volition and self‑endorsement, which in turn supports 

sustained engagement and well-being [35]. In the context of 

the gig economy, platform‑based work typically offers high 

levels of temporal and task flexibility, which can foster 

worker's sense of autonomy if they perceive genuine choice 

over when and how to work [36, 37]. At the same time, gig 

work provides opportunities to develop and display skills, 

thereby satisfying competence needs when workers feel 

capable of meeting platform demands and client expectations 

[38]. Social interactions with customers, peers, and online 

communities around gig platforms may also fulfill relatedness 

needs, strengthening workers’ identification with gig work as 

a meaningful career option [39]. Seen through a Self-

Determination Theory (SDT) lens, gig workers’ motivation to 

engage in gigs will thus depend on the extent to which the gig 

environment supports these three basic psychological needs. 

Building on this foundation, the present study applies the 

theoretical framework of Theory of Planned Behavior (TPB) 

to analyze factors that affect gig job intention. Five personality 

traits (PT) are examined for their indirect effects on gig job 

intention (GJI) through gig job attitude (GJA), while 

involvement (INV) work as a moderator. By doing so, this 

study seeks to fill the theoretical gap and contribute both 

academically and practically to understanding gig job 

intention in the context of a rapidly evolving labor market. 

 

 

2. LITERATURE REVIEW 

 
2.1 Personality traits influence gig job intention through 

gig job attitude 

 
Personality traits are defined as relatively stable patterns of 

thought, emotion, and behavior that differentiate individuals 

from one another [40-42]. These traits represent consistent 

psychological dispositions that shape how people interact with 

their environment, both cognitively and behaviorally [43]. 

They offer a solid foundation for explaining variations in 

behavior across different contexts [44]. Empirical evidence 

supports this pathway, showing that traits like need for 

achievement (NFA), locus of control (LOC), and risk taking 

(RT) affect intention primarily through their influence on 

entrepreneurial attitudes [45, 46]. This study adopts five core 

PT which have shown relevance in entrepreneurial and 

freelance contexts. These traits are particularly suitable for 

explaining career intentions in environments that demand self-

management, tolerance for uncertainty, and independent 

decision-making [47-49]. Building on SDT, personality traits 

can also be viewed as individual characteristics that shape how 

people experience need satisfaction in the gig context. For 

example, individuals high in proactiveness, need for 

achievement, or internal locus of control are more likely to 

perceive gig work as a domain where they can exercise 

autonomy and demonstrate competence, which, in turn, fosters 

more self-determined forms of motivation toward gig work 

[50-52]. Likewise, risk-taking and distress tolerance may help 

individuals cope with the uncertainty and income volatility 

inherent in gig work, allowing them to maintain feelings of 

personal control and effectiveness [53, 54]. These traits are 

expected to translate into more positive gig job attitudes and 

stronger intentions to participate in the gig economy. 

Specifically, NFA refers to an individual's drive to perform 

better than others or to exceed their past accomplishments [55, 

56]. Prior studies have shown that NFA positively influences 

entrepreneurial attitudes, which subsequently drive intention 

[46]. A high need for achievement may motivate individuals 

to engage in gig work as a means of self-directed goal 

attainment, even in the absence of clear career advancement 

pathways [57]. Locus of control reflects whether individuals 

perceive life outcomes as resulting from their own internal 

efforts or from external forces [58, 59]. Those with an internal 
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LOC believe that success is shaped by their actions and 

capabilities and are more inclined to pursue autonomous 

career paths [60]. Empirical evidence supports the indirect 

influence of internal LOC on entrepreneurial intention through 

attitude [61]. Risk taking is defined as an individual's 

willingness to engage in actions involving uncertainty and 

potential failure [62, 63]. Although entrepreneurs are often 

portrayed as risk takers, they are in fact calculated risk 

managers who avoid extreme uncertainty [60, 64]. Given that 

gig work involves financial instability, lack of long-term 

contracts, and unpredictable workloads [65], individuals high 

in risk tolerance are more likely to develop positive attitudes 

toward this form of employment. Risk-taking propensity has 

becomes particularly salient given the inherent instability and 

uncertainty of income and employment conditions [66]. 

Multiple studies confirm that RT influences entrepreneurial 

intention via its effect on attitude [49, 61]. Proactiveness (PR) 

is characterized by the tendency to initiate change, seize 

opportunities, and act ahead of anticipated demands [67]. 

Proactive individuals tend to shape their environments rather 

than merely respond to them. This personality trait helps 

individuals to actively identify and pursue opportunities in a 

fragmented and continuously changing labor market [68]. This 

trait has been shown to influence both attitude toward 

entrepreneurship and intention [69, 70]. Distress tolerance (DT) 

refers to the ability to function effectively under conditions of 

uncertainty, pressure, or psychological strain [62]. Gig 

workers often face income instability, lack of social protection, 

and ongoing client acquisition stress [48, 71]. Hence, we 

proposed: 

H1a: NFA positively influences GJI through GJA. 

H1b: Internal LOC positively influences GJI through GJA. 

H1c: RT positively influences GJI through GJA. 

H1d: PR positively influences GJI through GJA. 

H1e: DT positively influences GJI through GJA. 

 

2.2 Influence of Theory of Planned Behavior components 

(attitude, self-efficacy, social norm) on gig job intention 

 

The Theory of Planned Behavior is one of the most widely 

utilized frameworks for explaining how behaviors are formed. 

Therein, intention is the most immediate predictor of behavior 

and is influenced by three key factors [72]. Attitude refers to 

the extent to which an individual evaluates the behavior in 

question as favorable or unfavorable. Social norm represents 

the perceived social pressure from important others regarding 

whether the behavior should be performed. Self-efficacy (GSE) 

is defined as an individual’s internal belief in their capacity to 

succeed in specific tasks or contexts [73]. Individuals with 

high self-efficacy are more likely to demonstrate resilience, 

adaptability, and motivation when approaching uncertain or 

complex tasks [74]. This makes self-efficacy especially 

relevant in work contexts that require autonomy and problem-

solving, such as gig employment. 

There were several research conducted applied the TPB 

framework to forecast career intentions [25, 27, 75, 76]. In the 

context of the rapidly growing gig economy, understanding the 

psychosocial factors that influence the intention to participate 

in gig work has become an important research priority [77]. 

The strength of the influence of the three TPB components on 

intention may vary across research contexts, target populations, 

and national settings [72, 78]. Moreover, the explanatory 

power of the TPB framework can be enhanced when integrated 

with additional psychological constructs, such as self-efficacy, 

to provide a more comprehensive understanding of intention 

formation [27, 79].  

In TPB model, PT are conceptualized as background factors 

that do not directly predict intentions but instead influence 

them indirectly by shaping the belief structures that underlie 

the TPB components [27, 49, 59, 80]. It is widely recognized 

that PT affects career choice, and they shape entrepreneurial 

intention indirectly through the evaluative processes that form 

attitudes [81]. Based on this reasoning, the present study 

hypothesizes that GJA mediates the relationship between PT 

and GJI. Hence, we proposed: 

H2: Gig job attitude has a positive effect on GJI 

H3: Gig social norms (GSN) have a positive effect on GJI. 

H4: Gig self-efficacy has a positive effect on GJI. 

 

2.3 Involvement 

 

The concept of involvement is a key theoretical construct in 

social psychology, consumer behavior, and leisure studies. A 

substantial body of research has been developed regarding 

"enduring involvement", also known as "leisure involvement" 

or "ego involvement" in the literature [82]. Enduring 

involvement refers to customers developing knowledge, 

familiarity, and expertise about a specific product or service 

category over time [83]. Many studies have clearly 

distinguished between two main types of involvement with 

distinct characteristics and mechanisms. "Enduring 

involvement" - a long-term and relatively stable commitment 

to a particular product or activity, and "situational 

involvement" - a temporary interest in a particular situation 

[84]. Behaviors associated with enduring involvement remain 

stable over time, whereas behaviors resulting from situational 

involvement decline as the situation causing involvement 

changes. In the field of leisure studies, Kyle et al. [85] 

developed the Leisure Involvement Scale with five main 

factors: attraction, centrality, social bonding, identity 

affirmation, and identity expression. Recent empirical 

research by Tükel et al. [86] demonstrated a positive 

relationship between leisure involvement and entrepreneurial-

oriented traits (risk-taking, innovativeness, proactiveness) in 

Turkish women, expanding the understanding of the role of 

involvement in shaping psychological characteristics and 

occupational behaviors. 

Empirical research has consistently underscored the 

significant role that INV plays in shaping various dimensions 

of human behavior. Numerous studies indicate that heightened 

levels of INV are associated with more profound information 

processing [87], comprehensive information searches, and a 

stronger commitment to attitudes or intentions [88, 89]. 

Contemporary research highlights the need to differentiate 

various types of INV and develop measurement methods 

tailored to specific contexts, including consumer behavior, 

leisure, and career orientation. A recent study on ecotourism 

by Ting et al. [90] provided "empirical support for the 

importance of tourist involvement in strengthening the 

relationship between ecotourism attitudes and behavioral 

intentions", confirming the important moderating role of INV. 

Encourage personal involvement by creating profound and 

meaningful experiences, alongside establishing a loyalty 

program to strengthen their commitment to desired behaviors 

[90]. In addition, INV also plays a moderating role in the 

relationship between customers' attitudes toward KOLs and 

their purchase intentions from products recommended by 

KOLs. This means that customers who are highly involved are 
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more likely to have stronger purchase intentions when they 

hold a positive attitude toward KOLs as representatives of a 

brand or product [88]. Therefore, these arguments lead to the 

following hypotheses: 

H5: INV positively moderates (reinforces) the positive 

relationship between GJA and GJI. 

Additionally, we also contend that the mediating role of 

attitude in the relationship between individual proactiveness 

and GJI will be strengthened when enduring involvement is 

high in the gig economy. Proactiveness - a critical aspect of 

decision-making intention, is the ability to anticipate future 

opportunities and challenges and proactively address them 

[91]. By promoting proactivity through leisure involvement, 

entrepreneurs can better position themselves to identify and 

exploit business opportunities, thereby increasing the 

likelihood of success in their ventures. Leisure involvement, 

far from being just for relaxation, plays a significant role in 

promoting a proactive approach in many aspects of life, not 

just in work-related contexts, thereby influencing behavioral 

intentions [86]. Indeed, high INV will influence personal 

proactiveness, which is expected to strengthen the mediating 

effect of GJA on GJI. 

H6: The mediating effect of GJA on the relationship 

between PR and GJI is significantly enhanced by INV. 

Particularly, the mediating effect of attitude on proactiveness 

and GJI is enhanced when INV is high. 

 

2.4 Proposed research model 

 

Based on proposed hypotheses, Figure 1 presents the 

theoretical model illustrating the relationships. 

 

 
 

Figure 1. Model of research 
(Source: Author’s research) 

 

 

3. METHODOLOGY 

 
This study adopts a quantitative, cross-sectional design to 

investigate gig job intention through TPB model, personality 

traits and involvement. Structural Equation Modeling using 

Partial Least Squares (SEM-PLS) was employed to examine 

direct, mediated, and moderated relationships among 

constructs in the conceptual model. Data were collected from 

Vietnam between 15th June to 28th August 2025 using online 

survey via Google Forms. A convenience sampling technique 

was used to recruit respondents. Missing data and invalid 

responses were removed. A total of 400 valid responses were 

retained for analysis, which satisfies the recommended 

threshold for SEM-PLS as suggested by Hair [92]. The 

demographic composition of the sample included 46% male 

and 54% female, with most respondents aged between 18-28. 

All constructs were measured with multi-item scales 

adapted from validated instruments in prior studies, with slight 

modifications to fit the gig economy context. Respondents 

rated all items using a five-point Likert scale ranging from 1 = 

strongly disagree to 5 = strongly agree. PT were 

operationalized through five constructs: NFA (6 items), 

Internal LOC (3 items), and RT (3 items) were all adapted 

from Patre [27]. PR (4 items) was measured using items 

adapted from the study [93]. PT (4 items) was adapted from 

the study [94]. The four constructs from the TPB model, 

include GJA (5 items), GSE (4 items), GSN (4 items), and GJI 

(5 items) were adapted from Patre [27]. INV (14 items) was 

adapted from Kyle et al. [85]. The dataset was then analyzed 

using SmartPLS v.4 for SEM-PLS, and SPSS for descriptive 

statistics. The measurement model was assessed for reliability 

(Cronbach’s alpha, composite reliability), convergent validity 

(average variance extracted, AVE), and discriminant validity 

(heterotrait-monotrait ratio (HTMT), Fornell–Larcker 

criterion). The structural model was evaluated to test the 

hypothesized relationships among constructs. 

 

 

4. RESULT 

 

4.1 Descriptive analysis 

 

The study had a sample size of n= 400, in which women 

accounted for 54%, equivalent to 216 people, and men 

accounted for 46%, equivalent to 184 people. The results 

illustrate that 59% of survey participants were aged Gen Z (18-

28 years old), 24% Generation Y (29-44 years old) and 17% 

were Generation X (45-60 years old). Regarding occupation, 

accounting for the largest part of the total survey participants 

were fresh graduate students with more than 41%, equivalent 

to 164 people, followed by the university students with 34% 

or 136 people, and experienced workers with 25% or 100 

people.  

 

4.2 Measurement model 

 

This study utilized SPSS and SmartPLS v.4 for checking 

reliability by outer loadings, Cronbach's alpha, Composite 

reliability, average variance extracted, Heterotrait-monotrait 

and Fornell-Larcker criterion; and Partial Least Squares 

Structural Equation Modeling. This allowed the identification 

of factors. Composite reliability (CR) and average variance 

extracted (AVE) were used to confirm the validity and 

reliability of the measurement model, followed by structural 

equation modeling (SEM). 

Prior to testing the structural model, the measurement 

model was assessed for reliability, convergent validity, and 

discriminant validity. All outer loadings of the indicators on 

their respective constructs exceeded the recommended 

threshold of 0.70 (Table 1), demonstrating satisfactory 

indicator reliability [95]. Internal consistency was confirmed 

as both Cronbach's alpha and composite reliability (rho_c) 

values for all constructs were above the 0.70 benchmark 

(Table 1) [96]. Convergent validity was established, with the 

average variance extracted (AVE) (Table 1) for each construct 

surpassing the 0.50 criterion (Table 2) [97]. Furthermore, 

discriminant validity was supported using two methods. The 

square root of the AVE for each construct was greater than its 

correlations with other constructs (Fornell-Larcker criterion). 

Additionally, all heterotrait-monotrait (HTMT) ratios were 

below the conservative threshold of 0.90 (Table 3) [98]. These 

results confirm that the measurement model is reliable and 

valid for testing the proposed structural relationships. 

1424



Table 1. Items, convergent validity and composite reliability of constructs 

 

Construct Item 
Outer 

Loadings 
AVE 

CR 

(rho_a) 

CR 

(rho_c) 

Cronbach’s 

Alpha 

Distress Tolerance 

adapted from Garner et 

al. [94] 

DT1: My feelings of distress are so intense that 

they completely take over. 
0.801 

0.635 0.813 0.874 0.809 

DT2: Being distressed or upset is always a major 

ordeal for me. 
0.796 

DT3: I can’t handle feeling distressed or upset. 0.773 

DT4: I’ll do anything to stop feeling distressed 

or upset. 
0.818 

Gig job attitude adapted 

from Patre [27] 

GJA1: Gig jobs are meant for freshers/people 

who are entering the workforce. 
0.796 

0.618 0.846 0.890 0.845 

GJA2: Gig jobs leave workers financially 

insecure. 
0.796 

GJA3: Gig jobs have the potential to make a 

career. 
0.758 

GJA4: Gig jobs are great for people who prefer 

a flexible schedule. 
0.772 

GJA5: Gig jobs are meant for the senior and the 

aged who do not want to work full-time 

anymore. 

0.807 

Gjg job intention 

adapted from Patre [27] 

GJI1: I am prepared to do anything to be a gig 

worker. 
0.811 

0.633 0.855 0.896 0.855 

GJI2 My professional goal is to become a gig 

worker. 
0.790 

GJI3: I am keen to start and continue gig work. 0.799 

GJI4: I am determined to start a gig career in 

future. 
0.772 

GJI5: I strongly believe that I will start a gig 

career someday. 
0.806 

Gig self-efficacy adapted 

from Patre [27] 

GSE1: I am good at making decisions which 

will help me select the right gig projects. 
0.774 

0.640 0.815 0.877 0.813 

GSE2: I know the necessary practical details to 

take up a gig career. 
0.819 

GSE3: I am good at networking with people 

who will help me get gig projects continuously. 
0.806 

GSE4: If I try to take up a gig career, I will have 

a high probability of success. 
0.801 

Gig social norm adapted 

from Patre [27] 

GSN1: If I were to take up a gig career, my 

family would be supportive. 
0.770 

0.638 0.817 0.876 0.811 

GSN2: If I were to take up a gig career, my 

close friends would be supportive. 
0.807 

GSN3: My parents’ opinion is very important to 

me. 
0.819 

GSN4: I care about the opinion of my friends 

and am influenced by them. 
0.798 

Involvement adapted 

from Kyle et al. [85] 

INV1: I believe working in the gig economy 

would be one of the most enjoyable things I 

could do. 

0.816 

0.580 0.953 0.951 0.944 

INV2: I'm really interested in participating in the 

gig economy. 
0.751 

INV3: The idea of participating in the gig 

economy is very important to me. 
0.754 

INV4: I find a lot of my life organized around 

gig work. 
0.745 

INV5: The idea of participating in the gig 

economy occupies a central role in my future 

career plans. 

0.795 

INV6: To change my preference from the gig 

economy to another career path would require 

major rethinking. 

0.728 

INV7: I enjoy discussing about gig jobs with my 

friends. 
0.776 

INV8: Most of my friends are in some way 

connected with gig jobs. 
0.764 
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INV9: Participating in gig economy provides me 

with an opportunity to be with friends. 
0.788 

INV10: When I participate in the gig economy, I 

feel I can really be myself. 
0.721 

INV11: I identify with the people and image 

associated with the gig economy. 
0.745 

INV12: You can tell a lot about a person by 

seeing them participate in the gig economy. 
0.752 

INV13: Participating in the gig economy would 

say a lot about who I am. 
0.754 

INV14: When I participate in gig economy, 

others see me the way I want them to see me. 
0.765 

Locus of control adapted 

from Patre [27] 

LOC1: When I get what I desire, it is because of 

my hard work. 
0.827 

0.717 0.804 0.884 0.802 LOC2: My own actions determine my life. 0.859 

LOC3: In general, I can control what will 

happen in my life. 
0.854 

Need for achievement 

adapted from Patre [27] 

NFA1: I know exactly what I want out of life. 0.752 

0.598 0.875 0.899 0.866 

NFA2: Everyday, I try to accomplish something 

worthwhile. 
0.816 

NFA3: I almost always feel that I must do the 

best at what I am doing. 
0.736 

NFA4: I always do my best whether I am alone 

or with someone. 
0.789 

NFA5: I very often find myself doing or saying 

something for the pleasure of it, rather than 

because it serves some purpose. 

0.770 

NFA6: I try harder to content with myself than 

to be successful. 
0.772 

Proactiveness adapted 

from Parker and Sprigg 

[93] 

PR1: No matter what the odds, if I believe in 

something I will make it happen. 
0.818 

0.657 0.827 0.885 0.826 

PR2: I love being a champion for my ideas, even 

against others' opposition. 
0.798 

PR3: If I believe in an idea, no obstacle will 

prevent me from making it happen. 
0.822 

PR4: I am excellent at identifying opportunities. 0.805 

Risk taking adapted from 

Patre [27] 

RT1: I am enthusiastic to take more risks for 

greater outcomes. 
0.859 

0.711 0.803 0.881 0.797 
RT2: I am not bothered if the earning is less as 

long as it is assured. 
0.839 

RT3: I never fear moving into a new venture 

which is unknown to me. 
0.831 

(Source: Author’s research) 

 

Table 2. Fornell-Larcker criterion 

 
Hypothesis DT GJA GJI GSE GSN INV LOC NFA PR RT 

DT 0.797          

GJA 0.516 0.786         

GJI 0.357 0.604 0.796        

GSE 0.224 0.308 0.579 0.800       

GSN 0.347 0.294 0.415 0.261 0.799      

INV 0.038 0.068 0.237 0.137 0.119 0.761     

LOC 0.269 0.540 0.429 0.235 0.238 0.029 0.847    

NFA 0.070 0.305 0.121 0.021 0.065 0.019 0.034 0.773   

PR 0.322 0.558 0.419 0.270 0.282 0.018 0.339 0.031 0.811  

RT 0.248 0.518 0.388 0.320 0.230 0.075 0.260 0.056 0.247 0.843 
(Source: Author’s research) 

 

Table 3. Heterotrait-monotrait ratio (HTMT)-matrix 

 
Hypothesis DT GJA GJI GSE GSN INV LOC NFA PR RT 

DT           

GJA 0.621          

GJI 0.429 0.711         

GSE 0.274 0.371 0.693        

GSN 0.438 0.356 0.493 0.319       

INV 0.061 0.091 0.252 0.153 0.135      
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LOC 0.331 0.655 0.517 0.289 0.295 0.070 

NFA 0.106 0.348 0.138 0.047 0.111 0.058 0.060 

PR 0.389 0.668 0.499 0.325 0.342 0.053 0.413 0.072 

RT 0.303 0.627 0.469 0.406 0.286 0.092 0.324 0.081 0.294 
Source: Author’s research 

4.3 Structural model and direct hypotheses 

The structural model was evaluated for collinearity, path 

coefficients, and predictive power. The variance inflation 

factor (VIF) values for all predictor constructs were well 

below 5⁵, indicating that multicollinearity was not a concern 

in the model [99]. The results of the bootstrapping procedure 

(5000 samples) revealed that all direct path coefficients were 

statistically significant (p < 0.05). Specifically, DT (β = 0.252, 

p < 0.001), LOC (β = 0.286, p < 0.001), NFA (β = 0.252, p < 

0.001), PR (β = 0.301, p < 0.001), and RT (β = 0.293, p < 0.001) 

exerted significant positive effects on GJA. In turn, GJA (β = 

0.244, p < 0.001), GSE (β = 0.287, p < 0.001), and GSN (β = 

0.121, p = 0.005) were found to be significant positive 

antecedents of GJI. Thus, hypotheses H1a to H1e and H2 to 

H4 were supported (Table 4).  

Table 4. Path coefficients 

Hypothesis Original Sample (O) Sample Mean (M) Standard Deviation (STDEV) T Statistics (|O/STDEV|) P Values 

H1e 0.252 0.251 0.034 7.483 0.000 

H2 0.244 0.246 0.040 6.063 0.000 

H4 0.287 0.290 0.040 7.176 0.000 

H3 0.121 0.122 0.043 2.786 0.005 

H1b 0.286 0.285 0.030 9.645 0.000 

H1a 0.252 0.254 0.033 7.737 0.000 

H1d 0.301 0.301 0.030 10.015 0.000 

H1c 0.293 0.293 0.034 8.617 0.000 

H6 0.348 0.344 0.037 9.458 0.000 
(Source: Author’s research) 

Figure 2. The structural equation model 
(Source: Author’s research) 

The analysis of specific indirect effects was conducted to 

test the mediating role of GJA. The bootstrapping results 

indicated that all indirect paths were significant, as the 95% 

bias-corrected confidence intervals did not include zero. 

Specifically, GJA significantly mediated the relationships 

between DT, LOC, NFA, PR, RT and GJI. These findings 

provide strong support for the mediating relationship 

suggesting the influence of these factors on GJI (Figure 2). 

4.4 Moderation analysis 

The proposed moderating effect of INV on the relationship 

between GJA and GJI was examined. The bootstrapping 

results revealed that the path coefficient of the interaction term 

(INV*GJA) was positive and statistically significant (β = 

0.348, p < 0.001) (Table 4). This finding provides strong 

support for Hypothesis H5, indicating that the level of 

individual INV significantly moderates the strength of the 
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relationship between attitude and intention. The positive sign 

of the interaction term suggests that the positive effect of GJA 

on GJI becomes stronger for individuals who report higher 

levels of INV. 

The analysis using PROCESS model 14 [100] reveals that 

the relationship between PR and GJI is both direct and indirect 

through the mediating variable GJA, with INV acting as a 

moderator (H6). The moderation analysis demonstrates that 

INV significantly strengthens the effect of GJA on GJI. The 

interaction term GJA*INV is positive and highly significant, 

whereas the main effect of INV is not significant. Conditional 

effects reveal that at low INV, the impact of GJA on GJI is 

negative and significant; at the mean level, the effect turns 

positive; and at high INV, it becomes strongly positive. 

Bootstrap results further indicate that the indirect effect PR → 

GJA → GJI varies across INV levels: −0.094 at low INV, 

0.113 at the mean, and 0.320 at high INV. The index of 

moderated mediation is significant, confirming that the 

mediation pathway is contingent upon the level of INV. 

The results in Table 5 and Figure 3 show that the interaction 

effects of INV moderating factors have positive values and are 

statistically significant; thus, it can be concluded that the INV 

factor has positively promoted the relationship among PR, 

GJA and GJI. 

 

Table 5. Results of the moderation model for involvement 

factor 

 

Hypothesis Linkage 
P-

Value 
Results 

H5 GJA*INV -> GJI < .001 Supported 
H6 (PR -> GJA)*INV -> GJI < .001 Supported 

(Source: Author’s research) 

 

 
 

Figure 3. The impact of INV × GIA -> GJI 
(Source: Author’s research) 

 

4.5 Model strength 

 

The explanatory power of the structural model was 

substantial. The independent variables explained 67.7% of the 

variance in GJA (R² adjusted = 0.677) and 68.4% of the 

variance in GJI (R² adjusted = 0.684) (Table 6), indicating a 

high level of predictive accuracy. The effect sizes (f²) for the 

paths were assessed. PR, RT, and LOC showed medium-to-

large effects on GJA, while GSE demonstrated a medium 

effect on GJI. Furthermore, the model's predictive relevance 

was confirmed through the blindfolding procedure. The Q² 

values for both GJA (0.414) and GJI (0.431) were significantly 

above zero, providing support for the model's out-of-sample 

predictive power at a medium level [101]. 

 

Table 6. R-square 

 
Construct R-square R-square Adjusted 

GJA 0.681 0.677 

GJI 0.688 0.684 
(Source: Author’s research) 

 

 

5. DISCUSSION 

 

The results indicated that all five PT exerted significant 

indirect effects on GJI through GJA which accords with the 

theoretical view that PT in the TPB framework function as 

background factors [59], and echoes empirical evidence from 

prior studies where they influenced intention via attitudes [49, 

27, 61]. The mediating mechanism can be understood in light 

of the inherent features of gig work, which combines high 

flexibility, autonomy, and task variety with income insecurity, 

platform dependence, and psychological strain [23, 102, 103]. 

GJA, GSE, and GSN have significantly predicted GJI, 

thereby providing support for H2-H4. This outcome is 

consistent with the foundational propositions of TPB [25, 27, 

72]. Nonetheless, the relative strength of these predictors 

varied, with GJA and GSE emerging as stronger determinants 

than GSN. This pattern resonates with Ajzen’s [72] assertion 

that the relative importance of the three antecedents of 

intention may differ across behaviors and contexts, as well as 

with the cross-national findings of Engle et al. [78]. The 

relatively weaker role of social norms may be explained by the 

individualized and flexible nature of gig jobs in Vietnam, 

which are often pursued for pragmatic motives (income or 

autonomy), and relatively new and weakly institutionalized 

career path, which make strong normative expectations have 

yet to develop. 

Finally, the results confirmed that INV significantly 

moderated the relationship between GJA and GJI, thereby 

supporting H5. This is consistent with prior research 

demonstrating that higher levels of INV strengthen the 

predictive link between attitudes and behavioral intentions [88, 

90]. This can be explained by the fact that higher involvement 

enhances the salience and stability of attitudes toward gig jobs, 

thereby making them more influential in guiding intention 

formation. When individuals perceive platforms and 

opportunities as personally relevant, their favorable 

evaluations of such work exert stronger influence on intention 

compared to those with low involvement. In contrast, when 

involvement is low, gig work does not occupy a central role in 

an individual’s lifestyle and is not integrated into their self-

concept [104]. Although individuals may form a generally 

positive attitude toward gig work, it is not personally 

meaningful to them, which weakens the attitude–intention 

linkage and creates a disconnect between favorable evaluation 

and actual behavioral intention [87, 105]. Under these 

conditions, the indirect effect through attitude can become 

negative, reflecting that favorable evaluations alone are 

insufficient when personal engagement is minimal. 

H6 was also supported, as INV amplified the indirect 

pathway through which PR influenced GJI via GJA. Proactive 

individuals tend to evaluate gig work positively because its 

flexible and opportunity-driven nature resonates with their 

preference for initiative-taking and the pursuit of new 

challenges. These favorable attitudes are more effectively 

translated into strong intentions when accompanied by high 
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involvement with gig platforms and opportunities. 

 

 

6. CONCLUSION 

 

6.1 Theoretical implications 

 

These findings contribute significantly to the theoretical 

advancement of behavioral intention research. First, this study 

focuses on the intention to participate in the gig economy, a 

relatively new area of research. The confirmation of the direct 

relationship between attitudes, social norms, self-efficacy, and 

intention (H1-H3) provides new empirical validation in the 

recently emerging field of gig work. Second, and more 

importantly, the mediating effects of GJA on the relationship 

between individual PT and GJI (H4a-H4e) extend SDT by 

illustrating how intrinsic motivational factors operate through 

cognitive appraisals to influence behavioral intentions. This is 

also a rare study that uses all five core personality traits to 

assess the impact on behavioral intentions through attitude. 

Third, the most critical and theoretically unique contribution 

lies in the moderating effect of INV, which strengthens the 

positive relationship between GJA and GJI (H5), and the 

finding of a moderated mediation effect in which involvement 

increases the mediating effect of attitude on the proactiveness 

- intention relationship (H6). These findings advance 

involvement theory by demonstrating its mechanisms in 

behavioral prediction models. Furthermore, these results 

provide further theoretical support and extension to the 

Elaboration Likelihood Model by showing that involvement 

enhances the proactive processing of information relevant to 

attitudes, leading to the formation of stronger, more 

sustainable intentions. These theoretical contributions provide 

a deeper understanding of when and how distinct individual 

characteristics translate into behavioral intentions in flexible 

working arrangements, thus enriching both the TPB and 

involvement literatures in specific contexts. 

 

6.2 Practical implications 

 

The findings provide significant practical guidance for a 

wide range of stakeholders in the gig economy ecosystem, 

particularly for organizational managers, platform developers, 

and policymakers seeking to optimize participation in gig 

work. For organizational leaders, the strong mediating role of 

attitudes suggests that promoting positive perceptions of gig 

work should take precedence over direct persuasion efforts. 

Organizations should focus on highlighting the benefits of 

flexibility, autonomy, and skill development opportunities that 

align with workers’ intrinsic motivation, especially for 

individuals with high proactiveness and achievement 

orientation. The significant moderating effect of INV suggests 

that talent recruitment and retention strategies should 

emphasize creating meaningful connections between workers 

and their roles, as high engagement amplifies the conversion 

of positive attitudes into actual GJI. In practice, this can be 

achieved through personalized job matching, individualized 

skill development programs, and community-building 

initiatives that enhance workers’ psychological investment in 

their gig activities. Platform designers should integrate 

features that enhance user involvement, such as goal-setting 

tools, progress tracking, and social networking capabilities, to 

strengthen the link between attitudes and intentions. For HR 

professionals managing their workforce, these findings 

suggest that high-involvement work practices combined with 

training that support autonomy, emotion management, 

relationship maintenance, and attention can significantly 

improve proactive behaviors and the ability to self-manage 

flexible work in a volatile work environment. Policymakers 

should consider these psychological mechanisms when 

designing regulations and support systems for gig workers, 

ensuring that these policies enhance rather than undermine 

workers’ intentions to engage in and positive attitudes toward 

flexible work practices. In addition, the strong role of self-

efficacy implies that training and certification programs 

should focus not only on skill development but also on 

building self-efficacy and behavioral control, which are 

essential factors for maintaining engagement in gig work. 

 

6.3 Limitation and future research  

 

Despite the contributions of this study, several limitations 

should be acknowledged, which also provide directions for 

future research. The cross-sectional design and online survey 

restrict the ability to observe changes in intentions over time 

and also exclude individuals with limited internet access. The 

focus on Vietnam and the lack of distinction between different 

types of gig jobs limit the generalizability of the findings. In 

addition, the model emphasizes individual factors, while 

contextual influences such as platform characteristics, 

economic conditions, and policy support were not examined, 

though they may also play an important role in shaping GJI. 

Future research should address these gaps by using 

longitudinal designs, comparing different gig job types or 

incorporating broader contextual variables. 
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