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The whole world has seen enormous growth in the cryptocurrency markets. Indian 

markets are no less. The increase in exposure to cryptocurrency has attracted the attention 

of investors and regulators. However, the determinants of the adoption of cryptocurrency 

require a little more focus in the emerging Indian market. This research investigates the 

behavioral aspect of Indian investors’ intention toward cryptocurrency based on 

blockchain technology. The study aims to identify the attitude, risk perception, 

accessibility, behavioral intention, social impact, and trust of Indian investors towards 

cryptocurrency. The TAM (Technology Acceptance Model) is integrated with peripheral 

(external) variables such as trust, privacy, and social use to understand the adoption of 

this innovative fintech technology. A systematic questionnaire was created based on 

previous research and administered to 140 respondents. Respondents collected data was 

analyzed using Smart PLS. The study explores that ease of use is directly influenced by 

“perceived usefulness,” which affects the attitude toward the adoption of cryptocurrency. 

The study also finds that trust is influenced by perceived risk as well as “social influence,” 

which impacts the intention to use cryptocurrency. The findings provide insights into the 

factors influencing Indian investors' acceptance or abstinence from cryptocurrency, 

shedding light on their attitudes and perceptions toward this volatile and transformative 

technology. The contribution of the research to the existing literature on technology 

adoption provides valuable information for regulators and policymakers in formulating 

appropriate strategies for the cryptocurrency market in India. The study offers a novel 

point in understanding the Indian investor adoption of cryptocurrency with extended TAM 

acceptance or abstinence by considering its usefulness and people’s attitudes. 
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1. INTRODUCTION

Cryptocurrencies are digital assets that incline the interest 

of investors, whose accessibility is based on blockchain 

systems and helps in economic coordination mechanisms [1]. 

The first time in 2008, he talked about cryptocurrency in his 

study “Bitcoin: A peer-to-peer electronic cash system” [2]. 

After the 2008 stock market crash, Bitcoin emerged as a digital 

currency, which means a mechanism in which there are no 

barriers in terms of Banks and other financial institutions [3]. 

The first digital coin, i.e., Bitcoin using blockchain 

technology, offers several benefits in terms of security, low-

cost transaction [4], and high returns [5]. Although in infancy 

and only 10 years old, cryptocurrency is a truly distributed and 

decentralized technology. As per a technical definition, a 

cryptocurrency can be defined as a digital currency based on 

cryptography to develop and operate the currency. This is the 

creation and verification of stated cash transfer transactions 

within the network, performed by a decentralized network of 

peer-to-peer computer nodes operating in unison. 

This technology appeared in this new era as a complete 

transformation of industries worldwide [6]. Blockchain 

technology affects the thinking of organizations and political 

power, which induces various countries to develop digital 

currency [7]. It is gaining importance because of the security 

measures that link multiple blocks in which one block code 

becomes the code of another. If one wants to change one block 

code, the entire block code needs to be redefined, and that 

process takes time, i.e., the consensus rule means peer-to-peer 

network [8]. Therefore, this technology stored the same 

information at a meager cost on multiple servers. 

Consequently, it is an entirely different system from the 

present one. This rethought the current financial structure, 

redesigning the financial system [9]. 

Bitcoin, which works with blockchain technology, impacts 

socially, transforming the technology that society is using 

[10]. The open-source software without a centralized banking 

system is criticized for its illegal uses but still attracts the 

community’s interest [11]. Bitcoin was first instituted in India 

in 2012; however, the cryptocurrency began after 

demonetization when people in the country shifted their digital 

payment mode. The authorities, such as the Reserve Bank of 

India, spoke several times regarding the riskiness of crypto. In 

a recent crucial address, Shri T Rabi Sankar, Deputy 
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Governor, RBI, on 14 February 2022, regarding 

“Cryptocurrency an assessment,” talked about 

cryptocurrency's social or economic role (RBI, 2022). Every 

financial instrument has its role: An equity share, bond, mutual 

fund, and derivatives. However, the essential role of crypto is 

claimed to be that of a currency that embarked on a point of 

question due to its volatility. Due to this, cryptocurrency does 

not place the same sense of trust that people have in legal 

tender currencies. The two fundamental risks, i.e., private 

currencies and structured without government intervention 

with no formality relating to KYC (Know Your Customer), 

pose two sides. The risk characteristics and various arguments 

like blockchain is a technology where Indians have the 

worldwide upper hand, while other countries have brought 

cryptocurrency under regulation. 

In recent times, many studies have revolved around 

cryptocurrencies, especially Bitcoin. The findings have 

explored the effect of cryptocurrencies on the economy, the 

regulation of cryptos, and trading. Studies have also examined 

that Bitcoin and other similar entities have been used in 

businesses because of privacy [12, 13]. An innovative Fintech 

technology that is volatile with regulatory uncertainty still in 

the Indian market emerged as a significant player among 

young ones due to increased usage of smartphones [14, 15]. 

However, cryptocurrency adoption in India is intricate and 

influenced by many factors, including technological, social, 

economic, and regulatory elements, making it a fascinating 

area for research. Although the adoption of cryptocurrencies 

has been thoroughly examined in several industrialized 

economies, less research has been done on developing 

countries, especially India. Since India's economy, population, 

and regulatory framework diverge significantly from those of 

Western markets, broad conclusions drawn from international 

research are less relevant here. With one of the most 

significant populations of young, tech-savvy people and a 

rapidly expanding smartphone user base, India is a prime 

location for adopting cryptocurrencies. A study is needed to 

understand the adoption of the technology considering its 

usefulness and people's attitudes among Indian investors. It 

offers a novel point in understanding the Indian investor 

acceptance or abstinence; the study integrates it with the 

extended Technology Acceptance Model (TAM). Hence, the 

current study focuses on better understanding the factors 

influencing cryptocurrency adoption in India by using an 

extended TAM. An extended TAM can incorporate other 

variables such as perceived risk, social impact, trust, 

“perceived usefulness,” and simplicity of use. 

 

 

2. LITERATURE REVIEW 

 

In developing nations, cryptocurrency is an opportunity for 

financial Inclusion. Cryptocurrencies may reach rural areas 

that are unbanked yet by providing access to decentralized 

finance services without traditional banking infrastructure. 

However, the researchers argued that to reach cryptocurrency, 

the underbanked demographics of India faced hurdles in 

education and technology. To analyze user acceptability and 

engagement, the adoption of cryptocurrencies has drawn a lot 

of interest as a distinct technological and financial 

phenomenon. In the literature, there are many theories behind 

information technology products. The theories are related to 

the THRA (Theory of Reasoned Action), THPB (Theory of 

Planned Behavior), TAM (Technology Acceptance Model), 

TAM 2 [16], and TAM 3 [17], and the Unified Theory of 

Technology Acceptance and Use (UTAUT) [18]. TAM is 

widely used in different areas, products, and sectors to study 

and analyze the adoption intention, adoption process, and 

intention to use by the consumers, investors, and users of these 

technology-based products [19]. Researchers analyzed the 

TAM, UTAUT, and social support Theory and added to the 

behavioral intentions of the investors towards 

cryptocurrencies [20]. The theoretical importance and 

determining factors of the user behavior towards technology 

are its “perceived usefulness” (PU), “perceived ease of use” 

(PE), attitude towards technology (A), and the intention to use 

(ITU). The studies have analysed various factors which are 

related to the TAM. The TAM defines a model for identifying 

the end user’s intention, which is further modified, and 

external factors are added to the model to form an extended 

TAM. According to the TAM, which was first proposed by 

Davis in 1989, perceived utility and simplicity of use are 

important determinants of technology acceptance. Research 

has expanded TAM to include other elements, particularly in 

situations where perceived risk, “social influence”, and trust 

are important, such as the adoption of cryptocurrencies. 

Although this model is a starting point, academics frequently 

extend it to account for the unique aspects of cryptocurrencies 

and address non-technical issues like security and regulatory 

uncertainty. 

The convolution technology exhibits an integration model 

TAM with exogenous variables like trust, privacy, social use, 

and many more [14].  

The current study focuses on studies related to Bitcoin and 

blockchain uses and applications, mining behavior, security 

systems and privacy issues, and cryptocurrency development 

[21]. Cryptocurrencies have been researched in different 

technical, regulatory, economic, behavioral, and 

psychological frameworks. Apart from the last one, every 

aspect is significantly explored [22]. The literature also shows 

that studies on Bitcoin have applied the TAM and related 

models [19]. The studies have researched the ownership, 

knowledge, and motives behind cryptocurrencies. 

Previous studies employ the TAM and extended TAM 

model to understand the factors influencing the adoption of 

cryptocurrency. Table 1 indicates the list of papers that 

consider various variables that indicate investor perception 

toward cryptocurrency integrated with TAM. The articles are 

selected using keywords like “Cryptocurrency,” “Bitcoin,” 

and “TAM.” Studies are referred to based on their relevance 

to the current research. 

These studies collectively highlight the necessity of 

extending TAM to better capture the unique characteristics of 

cryptocurrency, such as trust, perceived risk, and “social 

influence.” They demonstrate that while TAM’s traditional 

factors (“perceived usefulness” and ease of use) are 

foundational, these are often not sufficient for explaining 

cryptocurrency adoption, especially in markets with high 

volatility and evolving regulations like India. Integrating 

additional constructs such as “social influence,” trust, 

behavioral intention, and attitude allows for a more 

comprehensive model that can capture the complexity of user 

adoption behavior in the cryptocurrency market. Thus, the 

current study aims to contribute novel insights into 

cryptocurrency adoption in India, filling a gap in the literature 

on emerging market-specific cryptocurrency adoption 

behaviors. 
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Table 1. Important literature reviews 

 

Ref. Sample Finding 

Androulaki [23] 
Privacy provision has been examined by analyzing 

the Bitcoin system and using a simulator.  

 Findings indicate that almost 40% of users can be recovered 

even if they follow Bitcoin's recommended measures. 

Abramova and 

Böhme [24] 

Adopted convenience sampling with 86 respondents 

whose responses were obtained through a 

questionnaire. 

The findings showed the impact of Perceived Behavior, 

perceived ease of use, and Perceived risk on Bitcoin. 

Conti et al. [25] 

A systematic survey has been done to examine the 

feasibility and robustness of the technology under 

which cryptocurrency works. 

Bitcoin using Blockchain technology works on the Consensus 

rule, but that becomes a point for cyber-crime. 

Mendoza et al. 

[26] 

A model has been developed using social support 

theory, social commerce, and TAM constructs. 

Due to social commerce, investors' trust and intention to use 

cryptocurrency has been increased. 

Gazali [27] 

A conceptual paper has been published that applies 

the Theory of reasoned action to determine the 

factors affecting an investor's intention to invest in 

cryptocurrency. 

Perceive Risk and Perceived Benefits Two mores are added. 

Alaeddin and 

Altounjy [28] 

A survey was conducted on 230 students in the final 

year. 

A significant impact was found among students regarding 

cryptocurrency usage i.e., awareness and trust significantly 

impact the attitude. 

Guych et al. [29] 
TAM is used in Taiwanese hotels to analyze 

cryptocurrency payment adoption. 

“Perceived usefulness” (PU) and “perceived ease of use” (PE) 

play significant roles in payment. 

Al-hussaini et al. 

[30] 

Purposive sampling has been used with unstructured 

and semi-structured interviews in which open-ended 

questions have been asked. 

Due to the unavailability of Islamic law regarding how 

cryptocurrency is being used, create a legal or illegal 

machinery transaction tool.  

Alqaryouti et al. 

[31]  

Twenty-five (n = 25) specialized individuals in the 

area of cryptocurrency participated in the electronic 

survey.  

A positive relationship between “perceived ease of use” and 

usage behavior. no significant relationship between the 

perceived benefit of cryptocurrency and usage behaviour was 

found. 

Chen et al. [32] 
Through structured questionnaire data has been 

collected from 45 respondents. 

The level of risk has been presumed to be an online risk, but 

risk perception is different in social and financial situations.  

Albayati et al. [14] Technology Acceptance Model (TAM) 
The adoption of blockchain depends on external factors such 

as T, SI, ITU, and the Regulatory environment.  

Nuryyev et al. [33] 
101 SMEs using a total of 15,831 people in Taiwan. 

SEM 

Self-efficacy, innovativeness, and SI impact the intention to 

adopt new technology. SI and strategic orientation's effects are 

mediated by PU. Self-efficacy's impact on the decision to 

accept cryptocurrency payments is mediated by PE. 

Gupta et al. [34] 

Fuzzy methodology is being used with UTAUT, 

TAM and social support theory. Financial Literacy 

is given in the model as a construct. 

“Social influence” [33] is the most significant factor factor. 

Voskobojnikov et 

al. [35] 

 Research is conducted among users and non-users 

with a sample size of N=20 through the interview 

method. 

The study's results indicated a misunderstanding between users 

and non-users regarding risk perception, but the risks 

associated with crypto assets are specific. 

Maciejasz-

Swiatkiewicz et al. 

[36] 

A survey was conducted among 81 respondents. 
Due to cultural and historical background, the perception 

between countries and people exists. 

Ayedh [37] 
200 samples were collected from Muslim 

respondents from Malaysia. 

The Malaysian Muslim community was significantly affected 

by compatibility, awareness, and facilitating conditions in the 

Bitcoin market. 

Jalal and Leonelli 

[38] 

Target investors belong to the European market, and 

a convenience sampling technique has been used 

through an electronic questionnaire. 

Overconfidence bias showed a significant impact on perceived 

efficiency, but self-attribution bias did not affect it. 

Palos-Sanchez et 

al. [39] 

248 Business executives from companies and 

business establishments PLS SEM [TAM]. 

The authors demonstrated that privacy has an important 

influence on perceived utility and that trust has a very 

significant influence on privacy and “perceived ease of use,” 

thus indirectly affecting the intention to use cryptocurrencies. 

Böyükaslan and 

Ecer [40] 

 The fuzzy Full Consistency Method-Bonferroni 

(FUCOM-F’B) model is applied to determine the 

drivers. Twenty-three drivers have been used to 

examine the investment in cryptocurrency. 

The two drivers found to be significant were “strong electronic 

encryption” and “use of digital signature.” 

Huong et al. [41] 

The total responses collected in the survey was 354, 

out of which 309 qualified to know the impact of 

personal innovativeness towards investment in 

cryptocurrency in the Vietnamese market. 

A confirmed relationship was found between the Theory of 

planned behavior and the moderate effect of personal 

innovativeness. 

Sun et al. [42] 
A survey among 253 multinational PE company 

investment managers is being conducted. 

The results indicate that not only drivers, but innovativeness 

also play a significant role in investment in cryptocurrency. 

Pham et al. [43] 
275 Italian investors become the respondents in this 

study. 

Factors are significantly contributing such as attitude, herding 

behavior, perceived behavioral control, and PR. Social and 

economic characteristics and financial literacy, however, had 

no discernible effect. 
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Soomro [44] 
An online survey questionnaire was used to collect a 

sample of 334 respondents. 

Attitude, subjective norms, perceived behavioral control 

(PBC), and trust have significant positive impacts. 

Tolu et al. [45] 
The study collected the sample from 154 

participants. 

The purpose of the study is to design TAM to accept financial 

transactions using blockchain and cryptocurrency. The 

findings of the study indicate that PE and PU positively and 

significantly affect attitude. 

Islam et al. [46] 
The study used snowball sampling and collected 

data from 346 members of the general public. 

The study investigates the factors influencing the adoption of 

cryptocurrency in Bangladesh Using TAM. The results found 

that knowledge, PE, attitude, and challenges have a significant 

impact. 

Kocabas, Calik 

and Cetinguc [47] 

The sample includes the participants who never 

used the cryptocurrency. 

The objective of the study is to explain the factors affecting the 

use of cryptocurrency using extended TAM. The study found 

that trust and social factors have a direct impact on intention to 

use in the Turkish economy. 

El Chaarani et al. 

[48] 

The study collected a sample from 417 French 

participants to develop tourism, hospitality, and 

financial inclusion between developing and 

developed nations. 

The study found that PE, PU, Social factors, and financial 

literacy enhanced the use of cryptocurrency. 

Source: Based on different existing literature reviews. 

 

The current study investigates the behavioral aspect of 

investors’ intention toward cryptocurrency based on 

blockchain technology. It aims to identify the attitude, 

perseverance of risk, perception of ease of use, behavioral 

intention, social impact, and trust of Indian investors toward 

cryptocurrency.  

 

 

3. RESEARCH MODEL AND HYPOTHESIS 

DEVELOPMENT 

 

Technology adoptions with different perspectives and 

models are widely used in the literature. The TAM models in 

technology are widely researched [19, 49]. The attitude 

construct was excluded from the TAM and extended to TAM 

2 with PU, ease of use, and subjective norms. Various other 

elements are added to the TAM to make it more 

comprehensive. The Theory of Reasoned Action (TRA) helps 

understand technology adoption by derived concepts from 

social psychology and human behavior [50]. TRA postulates 

that both behavior intentions and subjective norms influence 

individual behavior. The Theory of Planned Behaviour 

extended the TRA model with perceived behavioral control to 

predict intention and behavior.  The acceptance and usage of 

various technological innovations are understood through the 

TPB [51-53]. A related and identical model to the TPB is the 

Decomposed Theory of Behaviour (DTPB), which 

decomposes perceived behavioral control, subjective norms, 

and attitude into the belief of technology adoption [54]. The 

extended TAM models have also been used in earlier research. 

[16] added the subjective factors to make extended TAM. The 

inclusion of the attitude and the subjective norms leads to a 

combined TAM-TPB model [54]. The author suggests that 

70% of the variation in the intention is described by TAM and 

62% by TPB [51]. TAM usage has also been seen in banking 

and digital payments [55]. The model has been used with 

external variables to know the causal relationship with 

variables like attitude, PE, ITU, PU, risk, and trust [56]. To 

know the viability and feasibility, the model is always checked 

with different technologies and tools.  

The TAM model explains the causal relationship among 

different variables PE, PU, A, ITU, and PE. The extended 

model looks at various external elements and how their 

perceptions of usefulness and usability affect attitudes toward 

usage and behavioral intentions to use. One of the external 

factors is Trust (T), which explains users' conviction in 

cryptocurrencies. Table 2 explains the variables used in the 

present study. 

To understand individual intention to use, one’s attitude 

means positive and negative feelings need to be analyzed [14]. 

Studies found the approved correlation between attitude and 

behavioral intention [61]. Based on the study hypotheses 

framed, which is illustrated in Figure 1:  

H1: “Attitude towards use (A) influences behavioral 

intention (ITU) to use in cryptocurrency adoption.” 

 

Table 2. Constructs and their definition 

 
Construct Definition Ref. 

Perceived ease of 

use (PE) 

“The degree to which a person believes that using a particular system would be free of effort.” PE factors 

explain how perception forms and changes over time. 

[16, 

19] 

Perceived usefulness 

(PU) 

“The degree to which a person believes that using a particular system would enhance his or her job 

performance.” 
[19] 

Attitude toward the 

use (A) 
User feelings towards the new system or technology. [57] 

Behavioral intention 

to use (ITU) 

“A person is the subjective probability that he will perform some behavior.” “A behavioral tendency of 

people to keep using a certain technology, the level can be predicted by their behavior towards that 

technology.” 

[19, 

50] 

Social Influence (SI) Efforts have been made intentionally or unintentionally to change individual beliefs, attitudes, or behavior. [58] 

Trust (T) One party’s expectations of another party's performance in the future. [59] 

Perceived Risk (PR) 
An action or use of technology with uncertain consequences. Risk and trust are associated with others 

sharing inverse relationships. 
[60] 

Source: Based on different existing literature reviews. 
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Innovation and new technology always bring question 

marks in the minds of individuals regarding ease of use. There 

are lots of things like ease of learning, controllability, and 

clarity in understanding, which change the attitude of an 

individual [62]. Studies suggest the influence of PE with A 

towards use [57, 63, 64]. These studies result in the hypothesis: 

H2: “Perceived ease of use (PE) influences attitude towards 

use (A) in cryptocurrency adoption.” 

 

 
 

Figure 1. Conceptual model 
Source: The authors. 

 

The impact of PE on the ITU in the context of 

cryptocurrency, a study being executed in China [65]. The 

positive relation between behavioral intention by PE [66, 67] 

that formulated a hypothesis: 

H3: “Perceived ease of use (PE) influences behavioral 

intention (ITU) to use in cryptocurrency adoption.” 

Individuals are motivated to use technology when it 

enhances performance, and ease of use defines the way one’s 

effort will be free [68]. Many researchers analyzed the effect 

of PE on cryptocurrency influences “perceived usefulness” 

[24], which brings: 

H4: “Perceived ease of use (PE) influences “perceived 

usefulness” (PU) in cryptocurrency adoption.” 

Researchers analyzed that PU indirectly affects attitudes 

towards use in cryptocurrency adoption [27, 31, 69, 70], 

leading to the formulation of: 

H5: “Perceived usefulness (PU) influences Attitude towards 

use (A) in cryptocurrency adoption.” 

To know the individual belief regarding the benefit they 

may have regarding a technology or system [65], analyzing the 

impact of PU with intention helps in the formation of: 

H6: “Perceived usefulness (PU) influences behavioral 

intention (ITU) in cryptocurrency adoption.” 

The author has taken convenience, perceived, and product 

risk for online shopping with attitude as a moderating factor 

[71]. The study found that attitude moderately influenced by 

PR helps in formulating: 

H7: “Perceived Risk (PR) influences Attitude towards use 

(A) in cryptocurrency adoption.” 

The researcher examined 1300 samples and found that 

perceived benefits and service compatibility support 

determining the intention [72], but PR does not have much 

impact result in the undertaken of: 

H8: “Perceived Risk (PR) influences “behavioral intention 

to use” (ITU) in cryptocurrency adoption.” 

To know the effect of risk with “perceived ease of use” with 

respect to the adoption of cryptocurrency in Islamic countries, 

TAM is used [73]. Perceived risk impact on PE for online 

shopping during COVID [74] and found insignificant impact 

result in formation of: 

H9: “Perceived Risk (PR) influences “perceived ease of 

use” (PE) in cryptocurrency adoption.” 

Researcher explores the acceptance of blockchain by 

mining the database from Twitter [70]. The study employed 

PU, “perceived ease of use,” to know the benefits of 

cryptocurrency. To know the effect of the two, the present 

study also undertook these by forming a hypothesis. 

H10: “Perceived Risk (PR) influences perceived usefulness 

(PU) in cryptocurrency adoption.” 

The importance of risk and trust for electronic commerce 

purchasing decisions by applying SEM [75]. The study found 

that risk and trust have a strong impact on electronic 

commerce. Researchers also undertake this present study by 

forming: 

H11: “Perceived Risk (PR) influences Trust (T) in 

cryptocurrency adoption.” 

The study researched the attitude SI efficacy model impact 

on cyberbullying behavior [76]. The short-term effects of 

Computer-mediated communication on attitude and behavior 

and the long-term effect of “social influence” [77]. The present 

study also undertook this by formulating a hypothesis: 

H12: “Social influence (SI) impacts Attitude towards use 

(A) in cryptocurrency adoption.” 

Studies found that “social influence” led to negative 

utilization of Bitcoins regarded as the highest predictor of 

behavioral intention [33, 78]. The study showed the effect of 

SI, risk, and effort expectancy on “behavioral intention to use” 

Bitcoins. These studies form the hypothesis given below: 

H13: “Social influence (SI) impacts behavioral intention to 

use (ITU) in cryptocurrency adoption.” 

The significant and positive relationship with PE signifies 

that people who are important to me signify the usage of 

cryptocurrency for payment [18, 33]. Past research study 

formulates: 

H14: “Social influence (SI) impacts perceived ease of use 

(PE) in cryptocurrency adoption.” 

The factors affecting the acceptance of Bitcoin in Indonesia 

[79]. To analyze the technology, the UTAUT model has been 

used, which considers performance expectancy, “social 

influence”, facilitating condition, and effort expectancy. The 

study undertakes the mediating factors as gender, age, 

perceived use, and behavior. This study brings: 

H15: “Social influence (SI) impacts perceived usefulness 

(PU) in cryptocurrency adoption.” 

The factors influencing the adoption of social media 

platforms include entertainment values, “social influence”, 

trust, compliance, internationalization, and identification [80]. 

The dyadic relation of “social influence”, Social Psychology, 

and Social Interaction with trust [81]. The study helps in the 

formulation of: 

H16: “Social influence (SI) impacts Trust (T) in 

cryptocurrency adoption.” 

Researchers considered the effect of trust on attitude toward 

use [58, 82-84]. Studies investigated the strong influence of 

trust on attitude towards use embarked: 
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H17: “Trust (T) influences Attitude towards use (A) in 

cryptocurrency adoption.” 

Researchers study trust to determine its association with the 

intention to use it in e-commerce [85, 86] and analyze trust to 

determine its significance in terms of behavioral intention [63, 

87, 89]. 

H18: “Trust (T) influences behavioral intention to use (ITU) 

in cryptocurrency adoption.” 

Researchers [90-92] consider trust's impact on “perceived 

usefulness” as a mediating effect, and researchers found a 

positive significant effect which intends to formulate: 

H19: “Trust (T) influences perceived usefulness (PU) in 

cryptocurrency adoption. 

 

 

4. RESEARCH DESIGN  

 

4.1 Research methodology  

 

The research applied an exploratory quantitative method 

based on the adaption of the construct adaptations and data 

collected across India from the cryptocurrencies. The 

instruments used for the measurement, hypothesis testing, and 

Smart PLS are employed. The method justifies the sample 

size, as the respondent who knows about cryptocurrencies are 

very small. The first part of the study analyzed the literature 

on technology adoption and its usage, and a questionnaire was 

constructed. The second part uses the Smart PLS to test the 

relationships between the regressor and Regress variables. In 

management science, the quantitative methodology is applied 

in comparison to blockchain communication. 

 

4.2 Questionnaire  

 

The questionnaire is structured and is built by considering 

the literature review. It was a self-administered questionnaire. 

The first section of the questionnaire captures the demographic 

information with seven questions like gender, highest 

qualification, monthly income, occupation, and if the 

respondent is familiar with the cryptocurrency. The second 

part captures the 25 statements covering seven constructs. A 

seven-point Likert scale that measures the various constructs 

from strongly agree [7] to disagree [1] strongly is used. The 

measures are revised to fit the existing scopes. The set of 150 

responses was collected by online survey, and the complete 

140 responses were empirically tested for the study. The 

sample is justified through the literature with a 140-sample 

size [93] appropriate to attain a statistical power of 70% for 

calculating the R square value of at least 0.25 at a 5% 

probability error.  

 

4.3 Respondents characteristics  

 

The frequency charts help to understand the profile of the 

respondents (Table 3). Out of a randomly filled online survey, 

70% are male, and 30% are female. The questionnaire had five 

interval scales for age. 72.9% of the respondents fall into the 

age category of 19-30. 19.3% belong to the age category of 31-

40. Category 41-50 has 5.7% of the respondents, and only 

2.1% belong to the 51-65 age category. No respondents belong 

to the above 66 age category. There are 66.4 post-graduate 

respondents, 26.4% of respondents are graduates, and 3.6% 

are doctorate and technical & professionals. The questionnaire 

also captured the individual's income status in terms of gross 

monthly income (GMI). 41.4% of the respondents had less 

than Rs. 50,000 of GMI, and a 20% fall in the 51,000-80,000 

GMI. 19.3% are in 81,000-120,000 GMI. Only 5% are in the 

range of 121,000150,000 GMI. There are 63.6% of private-

salaried employees participated. 28.6% are students. Self-

employed is 6.4%. There is 0.7% of respondents are 

housemakers and unemployed. The study took both users and 

non-users and asked if the respondents were familiar with the 

cryptocurrencies. 98.5% are familiar with cryptocurrencies, 

from a range of slightly to extremely. Only 1.4% were not 

aware of the subject. There are seven constructs used in the 

study. These are adapted and modified from the literature. 

 

Table 3. Demographic profiling 

 
Classification Variable Frequency Percent 

Gender 
Male 98 70 

Female 42 30 

Age (In years) 

19-30 102 72.9 

31-40 27 19.3 

41-50 8 5.7 

51-65 3 2.1 

Highest Educational 

Qualification 

Doctorate 5 3.6 

Graduate 37 26.4 

Post Graduate 93 66.4 

Technical 

Professional 
5 3.6 

Gross Monthly 

Income (Monthly) 

Above 150,000 20 14.3 

121,000-

150,000 
7 5 

81,000-120.000 27 19.3 

51,000-80,000 28 20 

Less than 

50,000 
58 41.4 

Occupation 

House maker 1 .7 

Salried –Private 89 63.9 

Self Employed 9 6.4 

Student 40 28.6 

Unemployed 1 .7 
Source: The authors. 

 

 

5. RESULTS AND FINDINGS  

 

5.1 Statistical analysis 

 

Since the conducted research predicts various mutually 

connected dependencies inside a single study, structural 

equations modeling (SEM) appears to be an appropriate 

approach, and SmartPLS3 is employed as a statistical program 

for data analysis. Further quantitative assessment is performed 

on this research dataset by utilizing Structural Equation 

Modeling, where the structural equation model is separated 

into two distinct models. 

1. Measurement Model 

2. Structural Model 

1. Measurement Model 

Under the measurement model analysis of the structural 

equation model, Cronbach's alpha and composite reliability 

were used to assess the composite reliability [94]. The whole 

dataset was evaluated, and components with factor loadings 

less than 0.600 were removed [95]. Table 4 shows the whole 

sample's reliability and validity scores and the factor loadings 

for the associated variables. 

Reliability & Validity 

If the valuation of a specific factor is higher than 0.700 in 

the case of alpha and CR, that factor seems to have high 
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reliability in the proposed model [96], and as readers can see 

in the following table, all seven constructs of the presented 

study have alpha and CR values higher than 0.700. Further, the 

authors used the average variance extracted (AVE) score to 

measure the convergence of distinct components into its core 

factors to verify the convergent validity of components in the 

model [97]. Additionally, suppose the AVE value of factors 

used in the model is higher than 0.500. In that case, the factors 

are in convergence with its variables, and the construct is 

appropriate for the framework [98]. 

 

Table 4. Reliability and validity 

 

Construct 
Indicator 

Item 
Item 

Factor 

Loading 

Cronbach’s 

Alpha (ɑ) 

Composite 

Reliability [94] 
AVE 

Attitude 

A1 
There is a good scope to make money by 

investing in cryptocurrencies. 
0.759 

0.880 0.918 0.738 
A2 Cryptocurrency is a good investment avenue. 0.887 

A3 I enjoy investing in cryptocurrencies. 0.871 

A4 
It’s a wise decision to invest in 

cryptocurrencies. 
0.912 

ITU 

ITU 1 I intend to put money into cryptocurrency. 0.954 

0.903 0.954 0.911 
ITU 2 

I forecast my investment in cryptocurrencies to 

continue in the future. 
0.955 

 

 

PE [94] 

PE3 I am interested in cryptocurrencies future. 0.845 

0.793 0.875 0.700 
PE1 

I am interested in new technologies and 

innovations like cryptocurrency. 
0.846 

PE2 
Cryptocurrency is secure, as it uses blockchain 

technology, which prevents losses & fraud. 
0.820 

PU 

PU1 Cryptocurrency allows me to make payments. 0.772 

0.705 0.818 0.600 PU2 
Cryptocurrency allows me to buy goods and 

services. 
0.770 

PU3 Cryptocurrency is a good investment. 0.781 

PR 
PR2 I find cryptocurrencies to be secure. 0.941 

0.825 0.919 0.849 
PR4 Cryptocurrencies are less secure. 0.902 

SI 

[33] 

SI1 

Those who have the power to affect my 

decisions believe I should invest in 

cryptocurrency. 

0.877 

0.806 0.886 0.723 
SI2 

Those who are valuable to me think I should 

invest in cryptocurrencies. 
0.913 

SI4 
Investment in cryptocurrencies is considered to 

be a status symbol in my social network. 
0.753 

Trust 

T1 
Cryptocurrency are trustworthy as an 

investment. 
0.860 

0.777 0.868 0.688 T2 
Cryptocurrencies keep their promise: deliver 

what it says. 
0.783 

T3 
Cryptocurrency as an investment keeps 

investor interest in mind. 
0.843 

Note: α = Cronbach’s alpha, in all constructs α > 0.700, CR = Construct reliability in all constructs value of CR is > 0.700. The items with a factor loading less 

than 0.7 are removed from the empirical analysis. 
Source: The authors. 

 

Table 5. Discriminant Validity (HTMT) 
 

Construct Attitude 
Behavioral Intention to 

Use (ITU) 

Perceived Ease of 

Use [94] 

Perceived 

Usefulness (PU) 

Perceived 

Risk 

(PR) 

Social 

Influence [33] 
Trust 

Attitude 0.859       

ITU 0.799 0.955      

PE 0.694 0.830 0.837     

PU 0.720 0.648 0.538 0.774    

PR 0.318 0.343 0.482 0.305 0.922   

SI 0.581 0.519 0.491 0.608 0.287 0.850  

Trust 0.692 0.536 0.512 0.671 0.456 0.582 0.829 
Source: The authors. 

 

Discriminant Validity 

To distinguish between the construct discriminant validity 

is used, and it may be proven in three ways. 

1. Fornell-Larcker Criterion 

2. Cross Loadings 

3. Heterotrait-Monotrait Ratio (HTMT) 

The authors analyzed seven unique factors in this study: 

attitude (A), ITU, PE, PU, PR, SI, and T. Discriminant validity 

helps us establish quantitatively that the given model’s factors 

are distinct from each other. Table 5 shows the discriminant 

validity of the presented factors in the study. 

According to the discriminant validity principle, each factor 

utilized in the study should be distinct from the others. The 

fact that the square root of AVE, shown in bold on the 

diagonal, is bigger than the correlation between the factors and 

each of the other constructs in the study (vertically and 

horizontally) confirms the hypothesis. 
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2. Structural Equation Model 

A structural model assessment is performed to determine 

the importance of the independent variables in the study by 

calculating R2 and Q2 significance, which refers to the model’s 

predictive relevance [99]. Further, the validity of the model is 

assessed in this paper by analyzing path coefficients, and 

significant t values in the process of hypothesis testing and 

mediation analysis. The appropriate fit indexes of the model 

are determined with the help of a standardized root-mean-

square model (RMSE). RMSE indicates the average value of 

any deviation, and if the model has a smaller value, then the 

adjustment is needed. In the current study RMSE =0.068, 

which indicates a good fit between the model and the data. 

Results for R2 and Q2 

The R2 value of the Regress and variable in a model 

indicates how much difference in the Regress and variable can 

be described by the independent variable. In Table 6, as per 

the thumb rule for PLS analysis, the R2 value is greater than 

0.367 for factors (ITU), [94], (PU), and [22]. This indicates 

that the regressor variable has a moderating influence on the 

Regress and variable [95]. 
 

Table 6. Results for R2 and Q2 predictive relevance 
 

Endogenous Latent Variable R2 Q2 

Attitude 0.651 0.460 

ITU 0.638 0.577 

PE 0.367 0.243 

PU 0.547 0.261 

Trust 0.430 0.265 
Note: The value of R2 > 0.10 and Q2 > 0. 

Source: The authors. 

 

Geisser created the Q2 test to determine the predictive 

importance of endogenous components. This test determines 

how effectively the model and its component estimations 

mimic reported values. The Q2 value for factors (A), 

(ITU),[94], (PU), and [22] is higher than 0, which shows the 

high predictive relevance of factors used in the model. 

Hypothesis Testing 

Under hypothesis testing, the null hypothesis can be 

rejected if the path Coefficient's p-value is less than 0.05 (5%), 

which means the independent factors do not have a 

considerable impact on the Regress and variable [100]. 

 

Table 7. Hypotheses testing 

 

Path Posited Path Coefficient T-Value P-Value 

Attitude -> ITU 0.799 22.710 0.000 

PE -> Attitude 0.526 8.905 0.000 

PE -> ITU 0.420 7.288 0.000 

PE -> PU 0.193 2.132 0.033 

PU -> Attitude 0.488 8.617 0.000 

PU -> ITU 0.390 8.509 0.000 

PR -> Attitude 0.259 4.055 0.000 

PR -> ITU 0.207 3.891 0.000 

PR -> PE 0.371 3.478 0.001 

PR -> PU 0.202 3.470 0.001 

PR -> Trust 0.315 3.296 0.001 

SI -> Attitude 0.434 7.547 0.000 

SI -> ITU 0.347 6.775 0.000 

SI -> PE 0.384 4.470 0.000 

SI -> PU 0.550 7.734 0.000 

SI -> Trust 0.492 6.104 0.000 

Trust -> Attitude 0.202 4.416 0.000 

Trust -> ITU 0.161 4.485 0.000 

Trust -> PU 0.414 5.614 0.000 
Note: The table shows the 19 hypotheses in the sequence. 

Source: The authors. 

 

 
 

Figure 2. Structural model 
Source: The authors. 

 

With a path coefficient of more than 0 and a P value of less 

than 0.05, Table 7 reveals a positive influence. As a result, the 

null hypothesis is rejected, and the table's alternative 

hypotheses are accepted.  

Finally, it may be concluded that all of the Regressand 

variables and Regressor variables in the model's (Figure 2) 

built paths have a statistically significant and beneficial 

impact. 

 

1810



 

Mediation Analysis  

The mediator variable is tested to see whether it helps to 

explain the extent of the link between the independent and 

dependent factors. Mediation studies are used to investigate 

the fundamental method or procedure by which one variable 

impact another via a mediator variable. 

 

Table 8. Mediation analysis 

 

Hypothesis 
Total Effect Direct Effect Indirect Effect 

β Value Sig. T Value β Value Sig. T Value β Value Sig. T Value 

PE -> PU 0.193 0.033 2.132       

PU -> Attitude 0.488 0.000 8.617       

PE -> PU -> Attitude 0.526 0.000 8.905 0.428 0.000 7.102 0.094 0.042 2.037 
Note: The table shows the direct and indirect effect. 

Source: The authors. 

 

The “behavioral intention to use” has a significant positive 

relationship with attitude, while “perceived usefulness” and 

“perceived ease of use” have a significant and positive 

relationship with attitude. Furthermore, in Table 8, we can see 

that after applying the process model for mediation analysis. 

“Perceived usefulness” is mediating between PE and attitude. 

Here the total direct effect is significant at 0.193 and 0.488, 

along with a significant indirect effect of 0.094. This indicates 

a partial mediation effect of PU between PE and Attitude 

[101]. 

 

 

6. DISCUSSION 

 

6.1 Hypothesis discussion 

 

The present study investigates the adoption of 

cryptocurrency through the TAM (technology acceptance 

model). The model is extended with some variables like SI, T, 

and PR. The study fails to reject all the hypotheses formulated 

in Table 6. The findings of the study thus support the 

hypothesis. The study concludes that (A) Attitude leads to the 

ITU (behavioral intention) to use the cryptocurrency (β=0.799, 

t=22.710) (H1). The PE of the cryptocurrency shows a 

significant association and leads to the intention to use, 

partially mediated by attitude (H2-β=0.526, t=8.905), H3-

β=0.420, t=7.288). PE also increases the “perceived 

usefulness” and the attitude towards the cryptocurrency and 

has a direct effect (H4-β=0.193, t=2.132, H5-β= 0.488, 

t=8.617). The PU of the cryptocurrency leads to the positive 

intention (ITU) towards the use of cryptocurrencies and is also 

partially mediated by the attitude (A) (H6-β=0.390, t=8.509). 

Perceived risk (PR), which is an external variable, positively 

impacts the trust (β=0.315, t=3.296) with 95% significance, 

thus supporting H11. PR also significantly influences the PU 

with indirect coefficients (β=0.202, t=3.470) and PE with total 

effect (β=0.371 supporting H 10 and H9. The risk also 

significantly impacts the attitude (β=0.259, t=4.055) and 

intention to use cryptocurrency (β=0.207, t=3.891), which 

makes risk important for the investors to be considered but due 

to ease of use and the attitude towards the cryptos positively 

influences the intention to use and thus support H7, H8.  

Another external variable, “social influence” (SI), acts as an 

exogenous latent variable and a predictor for trust with total 

effect (β=0.492, t=6.104), which supports the H16. SI also 

positively influences the “perceived ease of use” (β=0.384, 

t=4.470) and “perceived usefulness” (β=0.550, t=.734), thus 

supporting H14, H15. Trust significantly impacts the intention 

to use (β=0.202) and PU (β=0.414, TT=5.614), and attitude 

(β=0.202, t=40416) supporting H18, H19, H17. This implies 

that trust, which is influenced by the risk and SI if it increases, 

can lead to the use and adoption of cryptocurrencies. The 

research model indicates behavioral intention (see Table 5) 

with an R2 value of 63.8%. The model explains the explanatory 

power of the adoption of cryptocurrency by Indian investors.  

 

6.2 Relation with existing work 

 

Some of the results are supported by Palos-Sanchez et al. 

[39], a study done on Bitcoins in Spain, but they found no 

association between the PR and PU. Trust shows a contrasting 

result and nonsignificant relationship with the PU. The 

influence of “social influence” on building trust and thus 

affecting the usefulness and ease of use for intention to use is 

the major contribution, supported by the studies done in the 

supply chain in the Indian context [102] and contrasted when 

SI does not influence the “behavioral intention to use” of 

blockchain in the Brazilian supply chain [103].  

 

6.3 Contribution 

 

The study contributes to India's extended TAM and the 

adoption and acceptance of cryptocurrencies. The model has 

an excellent explanatory value while showing a good 

predictive ability with endogenous variable Q2>0 (Table 5). 

This shows how different factors and external variables affect 

cryptocurrency adoption in India. The contribution is made on 

the extended TAM with two exogenous latent variables, SI and 

PR, and one endogenous latent variable Trust, on adopting the 

cryptocurrencies in India. The study also finds the partial 

mediation effect of external variables (AI, T, PR) on ITU via 

A, PU, and PE. The investors and managers who show 

intentions to use cryptocurrency in India can be influenced by 

a social circle and the underlying risk they see and expect high 

in the market.  

 

 

7. CONCLUSION 

 

The current research explored the adoption of 

cryptocurrency in India utilizing the TAM (Technology 

Acceptance Model) extended with variables like “social 

influence,” perceived risk, and trust. The study concluded that 

Intention to Use (ITU) is strongly predicted by Attitude, PE, 

PU, and SI, with Attitude having the greatest impact on ITU. 

Perceptions and trust are greatly influenced by “social 

influence”, which indirectly supports ITU. 

The study supported all formulated hypotheses, providing 

valuable insights into the factors influencing Indian investors' 

intention to use cryptocurrency. The research model explains 

63.8% of the variance in “behavioral intention to use” 

cryptocurrency among Indian investors, indicating its strong 
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explanatory power. The study's results align with some 

existing research but also reveal contrasting findings regarding 

the relationships between perceived risk, “perceived 

usefulness”, and trust. 

 

7.1 Theoretical implications 

 

These findings are valuable for investors and managers in 

India who intend to use cryptocurrencies, as they can be 

influenced by social circles and the perceived risks associated 

with the market. Policymakers and regulators can also benefit 

from these insights to develop appropriate strategies for the 

cryptocurrency market in India. 

 

7.2 Practical implications 

 

In India, although the government introduced tax liability 

on cryptocurrency investment profits in the 2022 budget, it has 

not legalized the currency. The study highlights the potential 

for regulatory attention, as non-legal status leads to a high 

adoption rate. Legalization could attract more investors and 

generate additional tax revenues for the government. 

Managing risk is crucial and can be addressed through proper 

regulation and building trust among stakeholders. The study 

helps the government with awareness programs regarding the 

adoption of cryptocurrency and the latest developments. 

Cryptocurrency is a borderless means of payment, which again 

becomes a necessity to create, adapt, and adjust global 

monetary and financial systems increased by their fast change. 

 

7.3 Contribution, limitation and future work 

 

The contribution of this study lies in extending the TAM 

model with “social influence” and perceived risk as external 

variables and trust as an endogenous latent variable in the 

perspective of cryptocurrency adoption in India. The research 

also identifies the partial mediation effect of attitude, trust, and 

perceived risk on “behavioral intention to use” 

cryptocurrency. 

By establishing a high level of trust and regulatory 

intervention, Indian society can develop a positive perception 

of cryptocurrency, promoting widespread acceptance beyond 

being viewed solely as a speculative tool. Future research can 

explore advanced adoption models like the (Unified Theory of 

Acceptance and Use of Technology) UTAUT and incorporate 

additional external variables to examine cryptocurrency 

adoption across countries. However, the study does not 

consider important factors such as regulations, security 

concerns, and market volatility. The study's relatively small 

sample size is one of its limitations, which could have an 

impact on the findings' robustness and generalizability. 

Addressing these limitations in future research will enhance 

the validity and applicability of findings in cryptocurrency 

adoption and acceptance.  
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